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Abstract

In the rapidly evolving business landscape, organisations are increasingly leveraging
Artificial Intelligence (Al) to gain strategic advantages. This paper explores the
integration of Al in strategic decision-making from a managerial perspective, with a
focus on its role in enhancing strategic planning, forecasting and competitive
positioning. Drawing on theoretical frameworks such as the Resource-Based View
and Dynamic Capabilities. Theory, the study investigates how Al technologies—such
as predictive analytics, machine learning and natural language processing—support
executives in making data-driven and forward-looking decisions. The paper
synthesizes findings from existing literature and real-world case studies to
demonstrate how Al enables firms to anticipate market trends, streamline operations
and optimize resource allocation. Key managerial implications include the need for
new competencies, leadership adaptability and ethical considerations in Al
implementation. The study concludes with practical recommendations for managers
seeking to harness Al for sustainable strategic advantage and proposes areas for
future research in AI governance and change management.

Keywords: Artificial Intelligence, Strategic Decision-Making, Strategic Planning,
Business Forecasting, Competitive Advantage, Managerial Perspective

Introduction

The integration of Artificial Intelligence
(Al) into strategic decision-making has
emerged as a transformative force in
contemporary management practices. As
global markets become more complex
and data-driven, Al provides tools for
enhanced data  analysis, pattern
recognition, and real-time forecasting—
fundamentally reshaping how managers
evaluate options and make strategic
choices. According to Davenport and
Miller (2023), Al is now a central driver
of decision-making frameworks,
particularly in domains such as
operational efficiency, risk management,

and customer insights. The authors
argue that Al’s capabilities in
augmenting managerial judgment are
increasingly critical to competitive
advantage. Their study, published in the
Harvard Business Review, highlights the
rise of Al-powered platforms that
support  predictive modeling and
scenario planning as key enablers of
agile strategy formulation.

From a managerial perspective,
integrating Al into strategic functions
requires more than the deployment of
new technologies—it demands a
reorientation  of  leadership  roles,
organizational culture, and ethical



frameworks. Zhang, Liu, and Kumar
(2024), in their article published in the
Journal of Strategic Management,
emphasize that successful Al adoption
hinges on aligning machine intelligence
with human insight. Their research
underscores  the  importance  of
managerial adaptability, digital literacy,
and cross-functional collaboration in
leveraging Al tools effectively. As
organisations move toward a hybrid
decision-making model, where Al
supports but does not replace human
judgment, understanding how managers
perceive and implement Al becomes
essential. This study, therefore, aims to
explore these managerial perspectives
and assess how Al is redefining
strategy-making processes in dynamic
business environments.

Statement of the Problem

Despite the growing prevalence of
Artificial Intelligence (Al) in corporate
operations, many organisations still
struggle to effectively integrate Al into
strategic  decision-making  processes
from a managerial standpoint. While Al
promises enhanced analytical
capabilities, faster decision cycles, and
data-driven insights, the managerial
challenges associated ~ with  its
adoption—such as lack of digital skills,
resistance to change, and ethical
concerns—often limit its strategic
impact. As noted by lansiti and Lakhani
(2023), although firms are investing
heavily in Al technologies, few are able
to translate these investments into
sustainable strategic advantages due to
gaps in leadership alignment and
decision governance. Published in the
MIT Sloan Management Review, their
study reveals that successful Al
integration requires more than tools—it
requires strategic vision and redefined
managerial roles, which are often
lacking or misunderstood in practice.
Furthermore, there is a limited
understanding of how  managers

perceive and navigate the integration of
Al in their strategic roles, particularly in
relation to balancing algorithmic
recommendations with human judgment.
According to Westerman and Bonnet
(2024), whose research appeared in the
California Management Review, many
decision-makers either over-rely on Al
outputs  without sufficient critical
evaluation or underutilise Al due to
distrust or unfamiliarity. This disconnect
creates a managerial paradox: while Al
can enhance strategy, poor integration
may lead to flawed decisions, increased
operational risks, or underperformance.
The lack of empirical studies that

specifically explore the managerial
perspective—beyond technical
implementation—highlights a critical

gap in the literature. This study seeks to
address this gap by investigating how
managers interpret, adopt, and manage
Al technologies within the context of
strategic decision-making.

Objective of the Study

1. To examine the extent to which
artificial  intelligence is being
integrated into strategic decision-
making processes by managers in
contemporary organisations.

2. To explore managers' perceptions,
attitudes, and readiness toward the
adoption and use of Al technologies
in strategic planning and execution.

3. To 1identify the challenges and
barriers managers face in aligning
Al tools with organizational goals
and strategic outcomes.

4. To assess the impact of Al
integration on the quality, speed,

and effectiveness of strategic
decisions from a managerial
standpoint.

Research Hypotheses

1. Hoi: There is no significant

relationship between the level of
Al integration and the



effectiveness of strategic decision-

making in organisations.

2. Ho2: Managers’ perceptions and
attitudes toward Al have no
significant influence on their
willingness to adopt Al in
strategic decision-making.

3. Hos: Organizational barriers such
as lack of digital skills and
resistance to change do not
significantly affect the
integration of Al into strategic
decision-making.

4. Hos: The use of Al in strategic
decision-making does not
significantly improve decision-
making speed and quality.

Scope and Relevance of the Research

This study focuses on the integration of
Artificial Intelligence (Al) into strategic
decision-making processes, specifically
from the viewpoint of managerial roles
within contemporary organisations. The
research is limited to analyzing how
managers  perceive, adopt, and
implement Al technologies in shaping
long-term strategies, resource allocation,
risk assessment, and market positioning.
The study will explore a range of
industries but with particular attention to
knowledge-intensive and technology-
driven sectors where Al adoption is
most pronounced. It will examine
variables such as Al readiness,
organizational  culture, = managerial
competencies, and decision-making
outcomes. Both  qualitative  and
quantitative data will be used to assess

managerial perspectives and
organizational experiences with Al
integration.

The relevance of this research lies in its
timely response to the rapid digital
transformation  affecting  businesses
globally. As Al continues to reshape
traditional decision-making structures,
understanding the managerial dimension
becomes  crucial  for  successful
implementation. The findings will

provide insights for business leaders,
policymakers, and technology
developers seeking to optimize Al
strategies and frameworks. Additionally,
this study fills a gap in the existing
literature by highlighting not just the
technical, but also the human and
organizational factors that influence Al-
driven strategic decisions. By doing so,
it contributes to the development of
more adaptive, intelligent, and future-
ready organisations.

Literature Review

Conceptual Review

Artificial Intelligence (Al) refers to
computer systems that can perform tasks
normally requiring human intelligence,
such as learning, reasoning, problem-
solving, and decision-making. Within

managerial  contexts, Al includes
technologies like machine learning,
natural language processing, and

predictive analytics that help leaders
interpret complex data and simulate
strategic scenarios. As the volume and
complexity of data increase, Al serves as
a powerful enabler of decision support
systems, making it possible for
managers to make faster and more
informed choices. According to Jarrahi
(2023) in Decision Support Systems, Al
acts not as a substitute for managerial
judgment, but as an ‘'intelligence
amplifier"—enhancing  the  human
capacity to detect patterns, forecast
outcomes, and explore alternatives in
uncertain environments.

Strategic decision-making is a high-level
organizational function involving long-
term planning, competitive analysis, and
resource deployment under conditions of
uncertainty. Traditionally dependent on
executive intuition and experience, this
process is being reshaped by Al-driven
insights and data-centric methodologies.
Al facilitates strategic decisions by
identifying trends in real-time, modeling
complex outcomes, and offering
recommendations based on vast datasets.



As highlighted by Seidel, Berente, and
Sarker (2024) in the Journal of
Management Information Systems, the
growing use of Al in strategy
formulation is driving a shift in
managerial roles—from authoritative
decision-makers to interpreters and
curators of Al-generated insights. This
evolution calls for new skills such as
digital literacy, ethical reasoning, and
the ability to manage human-machine
collaboration effectively.

The integration of Al into strategic
decision-making also brings to light
critical managerial and organizational
considerations. Managers are not only
tasked with implementing Al tools but
must also ensure that these technologies
align with the strategic goals, culture,
and values of the organization. This
includes addressing issues of data
governance, accountability, and trust in
algorithmic outputs. Westerman and
Bonnet (2024), writing in the California
Management Review, emphasize that
many strategic failures in Al adoption
result not from the technology itself but
from a lack of managerial clarity and
stakeholder alignment. Hence, the
conceptualization of Al integration must
consider  organizational  readiness,
change management practices, and
leadership engagement.

Moreover, the human-Al interaction
within strategic contexts necessitates a
balance between computational logic
and human judgment. Al systems excel
in optimizing decisions based on
patterns and probabilities, but they may
fall short in areas requiring empathy,
contextual nuance, or ethical
discernment. As Binns et al. (2023)
point out in Al & Society, strategic
decisions often involve complex trade-
offs that cannot be resolved by
algorithms  alone.  Therefore, the
conceptual framework for Al integration
must be grounded in the
complementarity between machines and
humans, where Al enhances but does not

replace the human strategic role. This
research aims to build upon these
conceptual foundations to explore how

managers perceive, adapt to, and
leverage Al in real-world strategic
environments.

Theoretical Framework

This paper is anchored on two key
theories that provide a foundation for
understanding how managers adopt and
integrate Artificial Intelligence (Al) into
strategic decision-making processes: the
Technology-Organization-
Environment (TOE) Framework and
the Resource-Based View (RBV) of the
Firm.

The Technology-Organization-
Environment (TOE) Framework,
developed by Tornatzky and Fleischer
(1990), explains how technological
innovation is adopted within
organisations by considering three
critical contexts: technological,
organizational, and  environmental.
Within this study, the TOE framework is
applied to examine how  the
characteristics of Al technology (e.g.,
complexity, compatibility, and relative
advantage), the internal organizational
context (e.g., managerial capability,
structure, and readiness), and external
pressures (e.g., market dynamics and
competitive  forces) influence Al
adoption and integration into strategic
processes. This theory supports the idea
that Al integration is not solely a
technological decision but one shaped
by broader managerial and
environmental influences.
Complementing the TOE framework is
the Resource-Based View (RBYV),
which emphasizes the role of internal
organizational resources and capabilities
in achieving sustained competitive
advantage  (Barney, 1991). Al
technologies, when effectively utilized,
represent a strategic resource that can
enhance analytical capabilities, decision-
making speed, and innovation. From a



managerial perspective, Al becomes a
valuable asset only when organisations
possess the human capital, digital
literacy, and strategic alignment
necessary to leverage it. The RBV helps
to frame Al not just as a technological
tool but as a strategic enabler that

contributes to organizational
performance  when supported by
complementary managerial
competencies and organizational
processes.

Together, these theories provide a

comprehensive lens through which to
analyze how and why managers
integrate Al into their strategic decision-
making processes. The TOE framework
offers insights into the adoption context,
while the RBV explains how internal
resources—particularly managerial
skills—translate Al capabilities into
strategic outcomes.

Empirical Review

Recent empirical studies have shown
that Artificial Intelligence (Al) is rapidly
transforming decision-making processes
across industries, yet the success of
integration varies widely depending on
managerial  factors. For instance,
Davenport and Miller (2023), in their
study published in Harvard Business
Review, conducted case analyses across
multiple firms and found that while Al
tools improve the speed and efficiency
of strategic decisions, their actual value
is determined by the managers’ ability to
interpret and apply Al-generated
insights. They noted that companies
with proactive and digitally literate
leadership teams reported stronger
outcomes in areas such as market
forecasting, supply chain optimization,
and customer segmentation.

In a survey of over 400 business
executives, Jarrahi (2023), in Decision
Support Systems, explored the role of
human-Al collaboration in strategic
contexts. The study found that while Al
excels in data processing and pattern

recognition, managerial input remains
vital in interpreting contextual factors
and ethical considerations. The research
concluded that successful integration
depends on  building  symbiotic
relationships where Al augments rather
than replaces human judgment. It also
emphasized  the  importance  of
managerial training and organizational
support to maximize Al’s strategic
impact.

A cross-industry study by Seidel,
Berente, and Sarker (2024), published in
the Journal of Management Information
Systems, examined how Al s
influencing strategic planning processes
in large enterprises. Their research
showed that firms that embedded Al into
their  strategic  routines—such  as
scenario planning and risk analysis—
experienced increased agility and
competitiveness. However, they also
found significant challenges, including
resistance from mid-level managers,
concerns about data reliability, and the
complexity of Al tool implementation.
These findings reinforce the need for
strong leadership commitment and
organizational change management.
Westerman and Bonnet (2024), writing
in the California Management Review,
provided empirical evidence on the
importance of trust in Al tools for
managerial adoption. Their study
surveyed over 300 managers in North
America and Europe and discovered that
trust in algorithmic recommendations
was positively correlated with the level
of strategic reliance on Al Managers
who were more confident in the
transparency and explainability of Al
systems were more likely to incorporate
these tools into strategic decision-
making. This study also pointed out that
perceived loss of control and fear of job
displacement hindered adoption among
some executive teams.

Another significant study by Chatterjee
et al. (2023) in the Journal of Business
Research assessed the impact of Al on



strategic innovation in emerging markets.
Using data from firms in India and
Nigeria, the authors found that Al
integration significantly boosted
innovation outcomes when combined
with strong managerial capabilities and a
supportive organizational culture. The
study revealed that firms lacking in
managerial readiness or with low digital
maturity saw limited strategic benefits,
underscoring the role of management as
a critical enabler of successful Al
utilization.

Finally, empirical work by Marabelli
and Galliers (2023) in [Information
Systems  Journal investigated the
unintended consequences of Al adoption
in strategic decision-making. Their
longitudinal case study of a European
telecommunications firm showed that
while Al improved decision speed, it
also led to overreliance on quantitative
data  and  reduced  stakeholder
engagement in strategic discussions.
This highlights the importance of
balancing algorithmic efficiency with
inclusive decision-making practices.
Their findings stress the need for
adaptive leadership that can navigate
both the opportunities and ethical
complexities posed by Al in strategy.

Methodology

Research Design

This study adopted a descriptive survey
research design to investigate how
managers  perceive and integrate
Artificial Intelligence (AI) in strategic
decision-making  processes  within
organisations. A descriptive survey is
suitable for collecting quantifiable
information from a defined population
and enables researchers to observe,
describe, and interpret the current trends
and relationships without manipulating
variables. This method was chosen
based on its effectiveness in exploring
organizational behavior and decision-
making dynamics, as emphasized by Rai,
Constantinides, and Sarker (2021) in

Information Systems Research, who
noted its relevance in capturing
managerial perspectives in evolving
digital contexts.

The population of this study comprises
middle and senior-level managers from
medium to large organisations across
various sectors (e.g., finance, technology,
healthcare, and manufacturing). A
purposive sampling technique was
employed to ensure that only managers
who are actively involved in strategic
decision-making and have exposure to
Al tools were included. Data was
collected  through a  structured
questionnaire distributed both physically
and digitally. The questionnaire included
closed-ended questions measured on a
Likert scale and was designed to
evaluate Al awareness, perceived
usefulness, trust in Al systems, and Al
adoption  levels, consistent  with
constructs validated in recent empirical
studies such as Westerman and Bonnet
(2024) in the California Management
Review.

For data analysis, both descriptive and
inferential statistical techniques were
employed. Descriptive statistics such as
frequency counts, percentages, and
mean scores were used to summarize the
respondents’ demographic information
and general perceptions. Inferential
methods such as Chi-square tests and
multiple regression analyses were
conducted to test the hypotheses and
determine the strength of relationships
between variables. This analytical
framework aligns with Jarrahi’s (2023)
approach in Decision Support Systems,
where AlI’s decision-support function
was statistically measured against
human perception and organizational
outcomes.

Ethical considerations were strictly
adhered to throughout the research
process. Respondents were informed
about the purpose of the study, assured
of the confidentiality of their responses,
and participation was entirely voluntary.



The reliability of the instrument was
tested using Cronbach’s Alpha, and the
validity was ensured through expert
reviews and pilot testing. This
comprehensive methodology allows the
study to contribute to a nuanced
understanding of how Al is reshaping
managerial roles and strategic planning,
as noted by Seidel, Berente, and Sarker
(2024) in the Journal of Management
Information Systems.

Data presentation and analysis

Data Presentation

This section includes four tables (1-8),
analyzing responses from a sample of
250 managers using descriptive
statistics. The analysis is based on
responses to the questionnaire items
across the major sections: Demographics,

Demographic Profile of Respondents

Variable Category
Gender Male
Female
Age Range 18-30
3140
41-50
51 and above
Industry Banking
Telecommunications
Position Middle Manager

Senior Manager
Executive/Director

Source: Field Survey, 2025

Awareness and Adoption of Al
Perception of Al Impact, and
Managerial Challenges.

Data Presentation and Analysis

This chapter presents and analyzes the
data collected from 250 managerial
respondents across the banking and
telecommunications industries in
Nigeria. The analysis 1is structured
according to the study objectives and is
presented using descriptive statistics
such as frequencies, percentages, and
means. Four key tables summarize the
demographic profile of respondents,
awareness and adoption of Al
perception of Al impact on decision-
making, and managerial challenges
associated with Al integration.

Frequency Percentage (%)
145 58.0
105 42.0
30 12.0
90 36.0
85 34.0
45 18.0
135 54.0
115 46.0
140 56.0
80 32.0
30 12.0

Interpretation: Most respondents were male (58%) and aged between 31 and 50 years.
Over half (54%) were from the banking sector, with the majority holding middle

management positions.



Table 2:

Awareness and Adoption of Al in Strategic Decision-Making

Awareness and
Adoption of Al

Statement

Strongly
Agree
3

Agree
(C))

Neutral

©))

Disagree

@)

Strongly
Disagree

0]

Mean
Score

1. I am aware of
the use of Al in
strategic
decision-
making.

112

95

28

10

4.2

2. My
organization has
adopted Al
technologies.

80

105

40

20

3.9

3. | have
received
training on Al
systems.

70

85

55

30

10

3.7

4. Al is actively
used in strategic
decisions in my
organization.

65

90

60

25

10

3.7

5. Management
encourages Al-
driven
innovation.

75

110

40

20

4.0

Source: Questionnaire Data, 2025

Interpretation: Respondents demonstrated a high level of awareness of Al (mean =
4.2), and the use of Al in strategic decision-making is growing (mean = 3.7-4.0).

Table 3:

Perception of AI’s Impact on Strategic Decision-Making

Perceived Impact of Al on Decision-Making Statement Mean Score
Al enhances the quality of strategic decisions. 4.3
Al improves decision-making speed. 4.1
Al helps identify market trends. 4.2
Al supports data-driven decisions. 4.4
I trust Al for critical decision-making support. 3.8

Source: Computed from Respondents’ Ratings, 2025

Interpretation: Respondents largely agree that Al has a positive impact on decision-
making quality, speed, and trend detection. However, there is slightly lower trust in
Al when it comes to critical decisions.




Table 4:

Managerial Challenges in Al Integration

Challenges to Al Integration Statement Mean
Score
Lack of technical knowledge among
4.0
staff.
Resistance to change from employees. | 3.8
High cost of Al integration. 4.2
Ethical concerns surrounding Al use. 3.7
Inadequate managerial training. 4.1

Source: Authors’ Fieldwork Analysis, 2025

Interpretation:

The greatest challenges to Al integration are the cost of

implementation and lack of training. Ethical concerns and resistance to change are
also significant but slightly less emphasized.

Hypothesis Two

Hoz: There is no significant effect of Al adoption on the quality of strategic decision-

making.

Table S: Chi-Square Test — Awareness vs. Al Integration

Variable Category Observed Frequency | Expected Frequency
‘ _© (E)

High .Awareness &  High 90 75

Integration

High ' Awareness &  Low 30 45

Integration

Modera‘Fe Awareness & High 40 35

Integration

Modera‘Fe Awareness & Low 75 30

Integration

Low .Awareness & Low 65 65

Integration

Source: Field Survey, 2025

Chi-square (¢*) = 19.62, df = 3, p = questionnaire administered to 300

0.0002 managerial staff across sectors.

Interpretation: The Chi-square test

reveals a significant association (p <
0.05) between awareness level and
integration of Al into strategic decision-
making.  Managers  with  higher
awareness are more likely to integrate
Al tools effectively.

Note: The frequencies are derived from
responses obtained through a structured

Interpretation:

Since the p-value = 0.002 < 0.05, the
result is statistically significant. This
means that there is a significant
relationship between the Ilevel of
awareness of Al and its integration in
strategic decision-making among
managers.



Hypothesis Three

Hos: There is no significant relationship
between managerial perception of Al
and trust in Al-based decisions.

Table 6: Regression Analysis — Al Adoption and Decision Quality

Model Unstandardized Standard | Standardized t- Sig.

Coefficient (B) Error Beta (B) value | (p)
(Constant) | 1.872 0.412 — 4.544 | 0.000
Al o652 0.085 0.719 7.670 | 0.000
Adoption

Source: Field Survey, 2025

Model Summary:
R=0.719

R2=0.517

Adjusted R*=0.513

F(1, 298) = 58.85, p < 0.001

Interpretation:

The regression analysis shows a strong,
positive, and statistically significant
relationship between Al adoption and
the quality of strategic decision-making
(B =0.719, p < 0.001). This means that
as the level of Al adoption increases, the
perceived quality of decisions made by
managers also increases. The model

Table 7:

explains approximately 51.7% of the
variance in decision quality.

This aligns with findings from
Davenport & Miller (2023) in Harvard
Business Review, who noted that Al
tools enhance managerial performance
by enabling more consistent and data-
informed decisions.

Chi-Square Test — Perception vs. Trust

Pearson Chi-square (y*) = 9.824

df=3

p-value = 0.021

Source: Field Survey Computation, 2025

Interpretation: Since the p-value is less
than 0.05, we reject the null hypothesis.
This implies a significant relationship
between perception and trust in Al-
based decision-making.
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Table 7: Chi-Square Test — Perception
vs. Trust in AI-Based Decisions

This chi-square test examines the
relationship between managers’
perception of Al and their trust in Al-
driven strategic decisions.




Contingency Table

Perception of Al | High Trust | Low Trust | Total
Positive 85 30 115
Neutral 45 35 80
Negative 20 35 55
Total 150 100 250
Chi-Square Test Results

Statistic Value

Pearson Chi-square (%) 9.824

Degrees of Freedom (df) 2

p-value 0.021

Significance Level (o) 0.05

Source: Field Survey Computation, 2025

Interpretation:
Since the p-value = 0.021 < 0.05, we
reject the null hypothesis. This

indicates a significant relationship
between how managers perceive Al and
how much they trust Al to support or
drive strategic decisions. Managers with
a more positive perception of Al tend to

show higher levels of trust in Al-driven
outcomes.

Hypothesis Four

Hos: There is no significant effect of
managerial training on the successful
integration of Al in strategic decision-
making.

Table 8:

Regression — Training vs. Al Integration

R=0.59 R?=0.348

F(1, 248) = 20.34 p =0.000

B (Training) = 0.62 t=4.51 p =0.000

Source: SPSS Output from Primary Data Analysis, 2025

Interpretation: Managerial training  Table 8: Regression — Managerial
significantly influences successful Al ~ Training and Al Integration
integration. Increased training enhances  This regression analysis evaluates
the effectiveness of Al implementation  whether managerial training

in strategy formulation.

significantly influences the successful
integration of artificial intelligence in
strategic decision-making processes.

Coefficients

. . Std. Standardized .
Variable Unstandardised B Error Beta t Sig. (p-value)
(Constant) 1.95 0.27 — 7.22 1 0.000
Managerial | ) o) 0.14 0.59 4.51 | 0.000
Training

Source: SPSS Output from Primary Data Analysis,
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Interpretation:

The regression model shows that
managerial training has a significant
and positive effect on Al integration (p
< 0.05). The R? value of 0.348 means
that training explains about 34.8% of
the variation in Al integration success. A
unit increase in training leads to a 0.62
unit increase in the effectiveness of Al
implementation in strategic decisions.

Discussion of Findings
The findings from this study reveal a

significant and positive relationship
between artificial intelligence (Al)
awareness, training, adoption, and
strategic decision-making ~ among
managers. The regression analyses
demonstrate that managerial training and
Al  adoption significantly predict

successful Al integration and improved
decision quality. This supports prior
research by Shrestha et al. (2021), who
emphasized the need for organizational
learning and technical preparedness in
effectively integrating Al systems into
strategic  functions (MIS  Quarterly
Executive). Additionally, the statistically
significant relationship between
perception and trust aligns with the work
of Dwivedi et al. (2023), who concluded
that managers’ attitudes toward Al
impact their willingness to delegate
high-stakes decisions to Al systems
(Journal of Business Research).

Moreover, the chi-square results suggest
that managers with greater awareness
and positive perceptions of Al are more
likely to integrate Al tools into their
decision processes confidently. These
findings reinforce the conclusions of
Wamba-Taguimdje et al. (2020), who
found that cognitive readiness and
organizational culture heavily influence
Al adoption in strategic contexts
(Technological Forecasting and Social
Change). The results also highlight the
importance of targeted Al training
programs, as training was found to have
a direct effect on successful integration.
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This echoes the arguments presented by
Rai et al. (2021) in Information Systems
Research, where they stressed that Al
initiatives must be supported by
capacity-building for decision-makers to
yield meaningful outcomes. Overall, the
study contributes to a growing body of
literature affirming that Al integration is
not solely a technological issue but a
strategic and managerial one.

Conclusion

This study concludes that the integration
of artificial intelligence (AI) into
strategic ~ decision-making is  both
feasible and impactful, provided that
certain managerial and organizational
conditions are met. Key findings reveal
that awareness, training, perception, and
adoption of Al tools significantly
influence their successful application in
strategic contexts. These results are
consistent ~with  recent empirical
evidence by Dwivedi et al. (2023) in the
Journal of Business Research, which
emphasized that AD’s strategic value is
realized when aligned with informed
leadership and a culture of trust in
machine-supported decision-making.
Similarly, Shrestha et al. (2021), writing
in MIS Quarterly Executive, argued that
organizational structure and decision
authority must evolve to accommodate
Al-driven insights, reinforcing the
strategic role of Al integration.
Moreover, the research underscores the
critical importance of managerial
training in enhancing Al assimilation
and improving decision quality. The
regression analysis confirmed that
targeted upskilling significantly predicts
better Al integration outcomes, a finding
supported by Rai et al. (2021) in
Information Systems Research. This
indicates that beyond technological
adoption, managerial competence and
mindset play pivotal roles in leveraging
Al effectively. In sum, the integration of
Al into strategic decision-making is not
merely a technological upgrade but a



strategic transformation that demands
readiness at multiple organisational
levels—including training, perception,
and trust in Al systems.

Recommendations
Recommendations from the findings
are as follows:

To ensure successful
artificial  intelligence in  strategic
decision-making, organizations must
strengthen managerial training and
capacity building by equipping
managers with both the technical skills
and strategic insights necessary to
effectively interpret and apply Al-
generated outputs. Continuous
professional development is key to
maximizing the value Al brings to
leadership functions.

adoption of

Furthermore, it is essential for
companies to develop clear Al
integration strategies that align with
overall business objectives. This
involves setting specific goals, selecting
appropriate technologies, and
identifying areas where Al can deliver
the greatest decision-making support.

To foster user acceptance, organizations
must promote trust and transparency
in Al systems. Involving managers in
the design and testing of Al tools, while
clearly defining the roles of humans
versus machines, helps build confidence
and enhances accountability in Al-
supported processes.

Lastly, a successful transformation
requires  cultivating an  Al-ready
organisational culture that supports
innovation, collaboration, and
continuous learning. Monitoring and
evaluating Al-driven decisions with
measurable indicators ensures ongoing
improvement and alignment with
strategic goals, reinforcing the long-term
value of Al in management.
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